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Abstract: The South African Police Service (SAPS) predominantly employs a reactive policing
model, which focuses on responding to crime after it occurs rather than preventing it proactively.
This approach has contributed to low conviction rates, significant case backlogs, and declining
public trust. Despite global evidence supporting Intelligence-Led Policing (ILP) as an effective
crime prevention strategy, its adaptation to South Africa’s socio-political and resource-constrained
context remains underexplored. This study aims to examine ILP as a strategic alternative for SAPS
by analyzing global best practices and assessing its feasibility within South Africa. Using a
qualitative research design anchored in systematic literature review and documentary analysis, data
were drawn from academic publications, policy documents, and international case studies. Findings
indicate that ILP significantly reduces crime in jurisdictions where it is supported by robust data
governance, predictive analytics, inter-agency collaboration, and community engagement. In
contrast, SAPS’s current ILP-related initiatives, such as the Crime Information Management and
Analysis Centre (CIMAC), remain partial and ineffective due to systemic weaknesses in data
integrity, the absence of real-time reporting, and limited analytical capacity. The study concludes
that transitioning to ILP is a strategic imperative for SAPS and recommends phased, cost-effective
reforms encompassing organizational restructuring, technological modernization, and policy
changes. Future research should focus on empirical evaluation of ILP interventions, cost-benefit
analysis, and ethical considerations in predictive policing.

Keywords: Intelligence-Led Policing; Reactive Policing; Crime Prevention; Predictive Analytics;
Data Governance.

Introduction

g I Yhe South African Police Service (SAPS) predominantly employs a reactive policing model, which focuses on
responding to crimes after they occur rather than proactively preventing them. This approach is often described
as a “fire brigade” style of policing, where officers react to incidents without long-term strategic goals or

preventive measures. Scholars argue that SAPS relies heavily on traditional methods such as motorized patrols, rapid

response to emergency calls, and retrospective investigations, rather than adopting proactive strategies like community

policing or intelligence-led policing (Burger, 2015; Newham, 2020).

This approach has resulted in significant backlogs of unresolved cases and low conviction rates, undermining public
trust and safety (Felson as cited in Malatjie, 2023; Mpofu, Sibisi & Sibisi, 2023). The reliance on a reactive policing
model by the South African Police Service (SAPS) has resulted in significant backlogs of unresolved cases and low
conviction rates, which undermine public trust and perceptions of safety (Felson as cited in Malatjie, 2023; Mpofu,
Sibisi & Sibisi, 2023). Beyond these challenges, reactive policing contributes to delayed justice for victims, often
causing emotional distress and discouraging cooperation with law enforcement (Modise, 2025a). It also places an
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enormous strain on police resources, leading to officer burnout, reduced morale, and diminished operational
effectiveness (Modise, 2025b). Furthermore, this approach perpetuates inefficiencies in crime prevention, as SAPS
remains focused on responding to incidents rather than addressing root causes through proactive strategies such as
community policing and intelligence-led interventions (Newham & Rappert, 2018; Mabunda, 2025).

Despite democratic reforms since 1994, SAPS continues to grapple with systemic challenges such as corruption,
resource constraints, and ineffective oversight, which hinder its ability to deliver on its constitutional mandate of
ensuring safety and security (Modise, 2025; Govender & Pillay, 2021). Recent reports indicate that SAPS achieved
only 8 out of 18 planned objectives in 2023/24, with detective numbers dropping from 26,000 to 17,000, exacerbating
investigative inefficiencies and eroding public confidence (Cape Town Today, 2024).

South Africa’s crime landscape, especially the violent categories, remains alarming, with murder, burglary, robbery,
etc, topping the curve. For instance, the murder rate is currently at 44 per 100,000, while aggravated robbery incidents
persist at high levels (Johnson, 2008; Centre for Risk Analysis, 2025).

Meanwhile, the traditional and reactive policing strategies, such as visible patrols and random hotspot interventions,
have shown limited success without a robust evidence-based framework (ISS Africa, 2025). Consequently, scholars
and practitioners advocate for a paradigm shift toward proactive, intelligence-driven models that leverage real-time
data collection, data analytics, data mapping, and inter-agency collaboration to anticipate and disrupt criminal activity
before it occurs (Huber, 2025; Ratcliffe, 2023).

Globally, Intelligence-Led Policing (ILP) has emerged as a strategic alternative to reactive policing. Originating in the
UK in the 1990s and gaining traction post-9/11, ILP emphasizes risk assessment, targeted interventions, and resource
optimization through actionable intelligence (UN DPO Manual, 2025; Police Chief Magazine, 2025). Empirical
evidence suggests that ILP enhances crime prevention by focusing on prolific offenders, repeat victims, and crime
hotspots, while fostering inter-agency collaboration and community engagement (Legal Clarity, 2025; Alblooshi &
Kassim, 2022). However, its implementation in resource-constrained, and politically complex environments like South
Africa remains underexplored.

Research gap

While ILP has demonstrated effectiveness in developed contexts, its adaptation to South Africa’s unique socio-political
and institutional landscape is insufficiently studied. Existing literature on SAPS reform emphasizes community
policing and evidence-based strategies but lacks a comprehensive analysis of ILP’s feasibility, operationalization, and
integration within South Africa’s policing framework (Modise, 2025; Maboa & Horne, 2024). Furthermore, there is
limited empirical research comparing global ILP models with South Africa’s current practices, leaving a critical gap
in understanding how ILP can address systemic inefficiencies and rising crime trends.

Research aim

To explore and reimagine Intelligence-Led Policing (ILP) as a strategic alternative for enhancing crime prevention
and public safety within the South African Police Service (SAPS), drawing on global best practices and contextual
realities. The specific objectives are as follows:

Conceptualize ILP for South Africa by adapting its principles to local socio-political and resource constraints.
Review global ILP strategies and models to identify best practices and lessons learned.

Demonstrate ILP’s effectiveness in crime control using empirical evidence from international case studies.
Examine existing ILP models in South Africa and assess their scope and implementation.

Compare global best practices with SAPS’s current approach, highlighting strengths, weaknesses, and gaps.
Propose actionable recommendations for integrating ILP into SAPS operations to improve crime prevention and
public trust.
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Research questions

What are the core components of ILP as originated in the UK?

What are the key features of successful ILP models implemented globally?

What lessons can South Africa learn from international ILP experiences?

What core principles of ILP are most relevant for SAPS?

How can Intelligence-Led Policing (ILP) be adapted to fit South Africa’s socio-political, economic, and resource
constraints?

What empirical evidence exists on the impact of ILP on crime reduction in other jurisdictions?
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7. How does ILP compare to reactive policing in terms of crime prevention outcomes?

8. What ILP-related initiatives or practices currently exist within SAPS?

9. To what extent have these initiatives been effective in addressing crime?

10. How does SAPS’s current policing model differ from global ILP best practices?

11. What are the strengths and weaknesses of SAPS’s current approach relative to ILP principles?

12. What actionable steps can SAPS take to integrate ILP into its operations?

13. What organizational, technological, and policy changes are required for successful ILP implementation?

Methods
Research design

This study employs a qualitative research design, anchored in a systematic literature review and documentary analysis.
This design is appropriate for exploring the conceptual and operational dimensions of Intelligence-Led Policing (ILP)
within the South African context, as it prioritizes interpretive analysis over quantitative measurement. The approach
enables identification of patterns, gaps, and systemic weaknesses in policing strategies through critical engagement
with scholarly works, official reports, and policy documents.

Study area

The primary focus of the study is South Africa, while comparative insights are drawn from selected international
jurisdictions to contextualize ILP within global best practices.

Population and sampling
The study population comprises countries across six continents. A two-stage sampling strategy was adopted:

1. Stage One — Clustering and Initial Selection: Countries were clustered by continent, and 56 countries were
purposively selected based on their ranking in the global crime prevalence index (see Table 1).

2. Stage Two — Final Selection: From these clusters, two countries per continent were purposively chosen based on
documented adoption of ILP models, resulting in a final sample of 12 countries (see Table 2).

This non-probability sampling approach ensures inclusion of jurisdictions with diverse socio-political contexts and
varying levels of ILP implementation.

Table 1: Countries selected by crime prevalence index (Cluster sampling stage)

Continent Countries Selected

Africa South Africa (74.7), Nigeria, Angola, Cameroon, Somalia, Namibia, Zimbabwe, Mozambique,
Ivory Coast, Libya

Asia Afghanistan, Syria, Yemen, Bangladesh, Kyrgyzstan, North Korea, Maldives, Mongolia,
Cambodia, Myanmar

Europe France, Belarus, Belgium, United Kingdom, Sweden, Ireland, Ukraine, Italy, Greece, Albania

North Haiti, Honduras, Trinidad and Tobago, Jamaica, Puerto Rico, Bahamas, El Salvador, Guatemala,

America Dominican Republic, United States

South Venezuela, Peru, Guyana, Brazil, Bolivia, Argentina, Ecuador, Colombia, Chile, Uruguay

America

Oceania Papua New Guinea, Fiji, New Zealand, Australia, Palau, Solomon Islands

Source: Numbeo (2025); Business Insider Africa (2025).
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Table 2: Countries selected for ILP adoption (Purposive sampling stage)

Continent Countries Selected

Africa South Africa, Nigeria

Asia Afghanistan, Bangladesh
Europe Belgium, United Kingdom

North America | Puerto Rico, United States

South America | Guyana, Brazil

Oceania New Zealand, Australia

Source: Criminal Investigation Department (2025); U.S. Department of State (2023); Congress.gov (2023).
Data sources and collection

Data were obtained from documentary and archival records, including academic publications, institutional reports,
and policy documents. A systematic search strategy was applied using databases such as Scopus, Web of Science, and
Google Scholar, complemented by official repositories. Keywords included: “Intelligence-Led Policing,” “crime
prevention strategies,” “policing models,” and “SAPS reform.”

Data analysis

Collected data were subjected to thematic content analysis, supported by descriptive and inferential statistics using
SPSS (latest version) where applicable. The analysis involved:

e Categorizing ILP components and operational frameworks.
e Comparing global ILP models with SAPS’s current practices.
e Identifying gaps, strengths, and weaknesses in SAPS’s policing approach.

This analytical process enabled the synthesis of actionable insights for adapting ILP principles to South Africa’s socio-
political and resource constraints.

Use of AI-Powered tools in research

To enhance the rigor, clarity, and efficiency of the research process, a suite of Al-powered tools was employed
throughout the study. Copilot and Grammarly were instrumental in supporting literature searches, refining academic
writing, and improving the overall readability and tone of the manuscript. These tools facilitated the identification of
relevant sources, suggested stylistic enhancements, and ensured grammatical accuracy.

In addition, Al-assisted bibliographic software was utilized to manage references systematically. This ensured
consistency and compliance with some referencing styles like American Psychological Association, Harvard, and
others, reducing manual errors and streamlining citation formatting. Al tools also contributed to the refinement of
human-generated texts by suggesting improvements in wording, structure, and formatting. These enhancements
helped maintain a professional and scholarly tone while eliminating issues related to grammar, spelling, punctuation,
and coherence.

Substantive issues
1) What are the core components of intelligence-led policing (ILP) as originated in the UK?

Intelligence-Led Policing (ILP) emerged in the United Kingdom during the 1990s as a response to rising organized
crime and the limitations of reactive policing. It was formalized through the National Intelligence Model (NIM), which
provides a structured framework for intelligence management and operational decision-making (UN DPO Manual,
2025; Police Chief Magazine, 2025). The model emphasizes a proactive, evidence-based approach to crime
prevention, focusing on risk assessment, targeted interventions, and resource optimization through actionable
intelligence. Its core components include:
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1. The intelligence cycle

At the heart of ILP is the intelligence cycle, which ensures systematic collection, analysis, and dissemination of
information. The cycle involves:

e Direction: Setting priorities for intelligence collection based on strategic objectives.

e Collection: Gathering data from multiple sources, including crime reports, surveillance, and community
input.

e  Analysis: Transforming raw data into actionable intelligence through analytical techniques such as crime
pattern analysis and risk profiling.

e Dissemination: Sharing intelligence with decision-makers to inform operational strategies.

e This iterative process ensures that policing decisions are evidence-driven rather than reactive (LegalClarity,
2025).

2. Strategic and tactical assessments
The NIM introduced two key intelligence products:

e Strategic Assessment: Provides a long-term overview of crime trends, emerging threats, and resource needs. It
informs control strategies and business planning.

e Tactical Assessment: Focuses on short-term priorities, identifying immediate risks and operational actions for
tasking and coordination groups.

These assessments enable prioritization of threats and efficient allocation of resources (College of Policing, 2015).
3. Risk assessment and prioritization

ILP emphasizes risk-based decision-making, where threats are assessed based on their likelihood and potential harm.
This approach allows police to:

e Identify prolific offenders and organized crime networks.
e Focus on repeat victims and high-risk locations.
e Allocate resources to areas with the greatest impact on public safety.

Risk assessment ensures that policing efforts are targeted and proportionate, reducing inefficiencies inherent in
reactive models (LegalClarity, 2025).

4. Targeted interventions
Rather than blanket enforcement, ILP advocates strategic targeting of individuals, groups, and hotspots. This includes:

e Disrupting criminal networks through surveillance and covert operations.
e Using predictive analytics to anticipate crime patterns.
e Coordinating multi-agency responses for complex threats.

Targeted interventions maximize the preventive impact of policing activities (Nunan, 2019).
5. Resource optimization through actionable intelligence

ILP treats policing as a business process, where resources are deployed based on intelligence priorities rather than
routine patrols. This involves:

e Aligning personnel and technology investments with identified threats.
e Reducing duplication and focusing on high-value targets.
e Enhancing inter-agency collaboration for shared intelligence and joint operations.

By optimizing resources, ILP improves operational efficiency and cost-effectiveness (FBI Law Enforcement Bulletin,
2025).

6. Partnership and information sharing
A critical element of ILP is collaboration across agencies and with communities. The UK model promotes:

e Integration of intelligence from local, regional, and national levels.
e Partnerships with the private sector and community stakeholders.
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e  Secure information-sharing protocols to maintain trust and confidentiality.
This multi-layered approach strengthens the intelligence base and fosters collective security (Netpol, 2012).
2. What are the key features of successful ILP models implemented globally?

Intelligence-Led Policing (ILP) has evolved into a cornerstone of modern law enforcement, emphasizing proactive,
data-driven strategies to prevent crime rather than merely reacting to incidents. Drawing from global best practices
and comparative case studies, the following ten features define successful ILP models (see Table 3):

Table 3: The comparative table of ILP features by country:
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i. Robust data governance

Successful ILP models prioritize accuracy, completeness, timeliness, and transparency in crime data management. The
UK’s National Intelligence Model (NIM) and Europol exemplify this through standardized data governance
frameworks and independent audits that prevent political manipulation and ensure accountability. Integration of socio-
economic indicators, as seen in Singapore’s Smart Nation initiative, enables holistic crime analysis and targeted
interventions. Without these safeguards, predictive policing risks amplifying bias and inefficiency (Hollywood et al.,
2024; RAND, 2024; Chua, 2024).

ii. Real-Time data and technological integration

Centralized platforms for real-time crime reporting and analysis are critical. The NYPD’s Domain Awareness System
(DAY) integrates surveillance, sensor data, and predictive analytics to identify emerging threats, while India’s Crime
and Criminal Tracking Network & Systems (CCTNS) digitizes police records nationwide (Mehta & Singh, 2024;
NYPD, 2021). Advanced ILP models leverage IoT-enabled surveillance, Al-driven analytics, and interactive
dashboards for hotspot policing and resource allocation (Gkougkoudis et al., 2022; Li & Zhao, 2024).

iii. Granular and disaggregated data

Disaggregation by gender, age, location, and socio-economic status is essential for targeting interventions for
vulnerable populations. Countries like Japan and Singapore mandate granular datasets, enabling strategies such as
Crime Prevention Through Environmental Design (CPTED) and cybercrime prevention programs (Tanaka, 2024;
Chua, 2024). In contrast, South Africa’s aggregated data creates policy blind spots, limiting ILP effectiveness (Maboa
& Horne, 2024).

iv. Inter-Agency collaboration and fusion centers

ILP thrives on information sharing across jurisdictions. U.S. fusion centers established post-9/11 and Europol’s cross-
border intelligence systems exemplify collaborative frameworks that enhance situational awareness and operational
efficiency (IALEIA, 2024; Carnegie Council, 2024). Partnerships with academia and civil society further strengthen
transparency and trust (Marcucci et al., 2023).

v. Analytical capacity and skilled personnel

Continuous capacity building in data analysis and intelligence interpretation is vital. The UK’s College of Policing
and Canada’s RCMP institutionalize ILP through structured training and national frameworks, ensuring analytical
rigor and operational consistency (James, 2013; Lum & Koper, 2023).
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vi. Ethical and legal safeguards

Algorithmic policing introduces risks of bias and privacy violations. The EU and RAND advocate governance
frameworks to mitigate these risks, emphasizing transparency, accountability, and participatory oversight (Kuldova et
al., 2024; Brennan Center, 2025). Public engagement ensures legitimacy and prevents the erosion of civil liberties
(Hung & Yen, 2023).

vii. Contextual adaptability
Successful ILP models adapt to local realities.

e Medellin, Colombia applied ILP principles through CPTED and community engagement, reducing homicide by
70% (Lee, 2025).

e Japan integrated ILP with CPTED strategies to cut burglary rates by 40% (Tanaka, 2024).

e Australia uses the Global Policing Database to guide evidence-based decisions (Lum & Koper, 2023).

viii. Integration with evidence-based policing (EBP)

ILP works best when combined with empirical research and systematic evaluation. The UK’s What Works Centre and
Australia’s Global Policing Database institutionalize EBP through randomized controlled trials and meta-analyses,
ensuring interventions are scientifically validated (Selby-Fell & Newton, 2024; Lum & Koper, 2023).

ix. Proactive and predictive orientation

ILP shifts policing from reactive to proactive. Predictive models like Risk Terrain Modeling in the U.S. and
algorithmic policing in China exemplify foresight-driven strategies, though ethical oversight remains critical (Kar,
2024; Li & Zhao, 2024).

x. Community trust and transparency

Open crime dashboards and participatory governance build public confidence. Singapore and the UK lead in
transparency, publishing real-time crime data and engaging communities in decision-making (Chua, 2024; Selby-Fell
& Newton, 2024). Without trust, ILP risks alienating communities and undermining legitimacy (Carter & Fox, 2018).

Conclusion

Global ILP models demonstrate that success hinges on data integrity, technological modernization, ethical governance,
and community engagement. Countries like the UK, U.S., Singapore, and Australia exemplify these principles, while
jurisdictions with weak data systems—such as South Africa and Nigeria—struggle to operationalize ILP effectively.
Addressing systemic deficiencies in data governance and embedding ILP within evidence-based frameworks is a
strategic imperative for reducing crime and restoring public trust.

3. What lessons can South Africa learn from international ILP experiences?

South Africa can draw critical lessons from global experiences to successfully implement Intelligence-Led Policing
(ILP). First, prioritizing robust data governance is essential to address systemic weaknesses in SAPS crime data—
accuracy, completeness, timeliness, and disaggregation—by adopting frameworks similar to the UK’s National
Intelligence Model and Europol’s standards (James, 2013; IALEIA, 2024). Without reliable data, predictive policing
and hotspot analysis fail, as seen in South Africa’s reactive strategies (Diphoorn, 2024). Second, implementing real-
time reporting and technological integration through centralized platforms and predictive analytics is vital, as
exemplified by the NYPD’s Domain Awareness System and India’s CCTNS (NYPD, 2021; Mehta & Singh, 2024),
given that SAPS currently relies on outdated quarterly reports (ISS, 2024). Third, mandating granular and
disaggregated data by gender, age, and socio-economic status will enable targeted interventions, as demonstrated by
Japan’s CPTED strategies and Singapore’s Smart Nation initiative (Tanaka, 2024; Chua, 2024), addressing policy
blind spots in SAPS reporting (Maboa & Horne, 2024). Strengthening inter-agency collaboration through fusion
centers, as practiced in the U.S. and Europol, will enhance situational awareness and operational efficiency (Carnegie
Council, 2024; TALEIA, 2024). Building analytical capacity through structured training, modeled on Canada’s RCMP
and the UK’s College of Policing, is crucial to overcoming SAPS’s lack of specialized units (James, 2013; Lum &
Koper, 2023). Ethical and legal safeguards must be embedded to mitigate algorithmic bias and privacy concerns,
following EU and RAND guidelines (Kuldova et al., 2024; Hollywood et al., 2024). ILP strategies should also be
adapted to local socio-economic realities, as illustrated by Medellin’s CPTED program that reduced homicide by 70%
through community engagement (Lee, 2025). Integrating ILP with evidence-based policing ensures interventions are
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empirically validated, as seen in the UK’s What Works Centre and Australia’s Global Policing Database (Selby-Fell
& Newton, 2024; Lum & Koper, 2023). Furthermore, SAPS must shift from reactive policing to proactive, predictive
approaches using tools like Risk Terrain Modeling and algorithmic policing (Kar, 2024; Li & Zhao, 2024). Finally,
fostering community trust through open crime dashboards and participatory governance, as practiced in Singapore
and the UK, is essential to counter public skepticism (Chua, 2024; Selby-Fell & Newton, 2024; Newham, 2024).
Collectively, these lessons underscore that ILP success depends on reliable data, technological modernization, ethical
governance, and community engagement, adapted to South Africa’s unique context.

4. What core principles of ILP are most relevant for SAPS?

Intelligence-Led Policing (ILP) is a proactive, data-driven approach that prioritizes foresight and strategic
interventions over reactive enforcement. For the South African Police Service (SAPS), adopting ILP requires
embedding core principles that address systemic weaknesses in crime data and operational practices.

1. Data Integrity and Governance

ILP depends on accurate, complete, timely, and disaggregated data. SAPS currently faces challenges of
incompleteness, misclassification, and lack of real-time reporting, which undermine predictive policing and resource
allocation (Mulaudzi et al., 2024; Gould et al., 2024). The UK’s National Intelligence Model (NIM) demonstrates best
practice by enforcing standardized data governance and independent audits, ensuring reliability for hotspot policing
(James, 2013; TALEIA, 2024).

2. Intelligence as the Driver of Operations

ILP prioritizes intelligence over reactive enforcement, focusing on foresight and targeted interventions. SAPS largely
relies on outdated quarterly crime reports, limiting proactive responses (ISS, 2024). In contrast, the NYPD’s Domain
Awareness System (DAS) integrates real-time surveillance and predictive analytics to anticipate crime trends and
guide deployments (NYPD, 2021).

3. Real-Time Information Sharing

Timely dissemination of intelligence across units and agencies is critical for coordinated action. SAPS lacks
centralized platforms for real-time reporting, which constrains proactive policing (Diphoorn, 2024). U.S. fusion
centers and India’s Crime and Criminal Tracking Network & Systems (CCTNS) exemplify how real-time data sharing
enhances operational efficiency (Mehta & Singh, 2024).

4. Targeted Resource Deployment

ILP uses intelligence to allocate resources where they are most needed. SAPS suffers from misallocation due to flawed
crime trend analysis (Maboa & Horne, 2024). Singapore’s Smart Nation initiative leverages predictive analytics to
optimize patrol deployment and improve crime prevention outcomes (Chua, 2024).

5. Analytical Capacity and Skilled Personnel

ILP requires specialized analysts and structured training in intelligence interpretation. SAPS lacks dedicated analytical
units and advanced training programs (Newham, 2024). Canada’s RCMP institutionalized ILP through centralized
intelligence units and national frameworks, ensuring analytical rigor and operational consistency (IALEIA, 2024).

6. Ethical and Legal Safeguards

ILP must operate within frameworks that prevent bias and protect privacy. Algorithmic policing without safeguards
risks reinforcing inequality and eroding public trust. The EU and RAND advocate governance standards for
algorithmic policing to ensure accountability and transparency (Kuldova et al., 2024; Hollywood et al., 2024).

7. Integration with Evidence-Based Policing (EBP)

ILP should be complemented by empirical research and systematic evaluation. SAPS strategies lack empirical
validation, resulting in reactive policies. The UK’s What Works Centre and Australia’s Global Policing Database
institutionalize EBP through randomized trials and meta-analyses, ensuring interventions are scientifically grounded
(Lum & Koper, 2023; Selby-Fell & Newton, 2024).
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8. Community Engagement and Transparency

ILP must build public trust through participatory governance and open data. Public skepticism about SAPS crime
statistics undermines cooperation (Chipkin, 2024). Singapore and the UK publish real-time crime dashboards and
involve communities in decision-making, reinforcing legitimacy and accountability (Chua, 2024; Selby-Fell &
Newton, 2024).

Summary
For SAPS, the most relevant ILP principles are:

Data integrity and governance
Real-time intelligence sharing
Targeted resource deployment
Analytical capacity building
Ethical safeguards

Integration with EBP

Community trust and transparency

These principles, proven in the UK, U.S., Singapore, India, Canada, and Australia, can transform SAPS from reactive
policing to proactive, intelligence-driven crime prevention. Implementing these principles will require phased
adoption, capacity building, and strong governance frameworks to align with South Africa’s socio-political and
resource realities.

5. How can intelligence-led policing (ILP) be adapted to fit South Africa’s socio-political, economic, and
resource constraints?

To adapt Intelligence-Led Policing (ILP) to South Africa’s socio-political, economic, and resource constraints, SAPS
should focus on incremental, cost-effective strategies that leverage existing infrastructure while addressing systemic
weaknesses in crime data. First, SAPS can build ILP on current structures like the Crime Information Management
and Analysis Centre (CIMAC) and expand its functionality for intelligence sharing, similar to India’s phased rollout
of the Crime and Criminal Tracking Network & Systems (CCTNS), which digitized police records nationwide without
overwhelming resources (Mehta & Singh, 2024). Second, adopting low-cost digital solutions such as cloud-based
dashboards and mobile reporting tools can enable real-time crime data collection, avoiding the expense of proprietary
systems—a strategy used in Puerto Rico and Bangladesh to overcome budget limitations. Third, SAPS should
prioritize high-impact crime categories like burglary, gender-based violence, and organized crime for targeted ILP
interventions, drawing lessons from Medellin’s Crime Prevention Through Environmental Design (CPTED) program,
which reduced homicide by 70% through hotspot-focused urban redesign and community engagement (Lee, 2025).
Strengthening community partnerships through local policing forums can supplement intelligence gathering and build
trust, reducing reliance on costly surveillance infrastructure, as demonstrated by Singapore’s Smart Nation initiative
(Chua, 2024). Additionally, SAPS can enhance analytical capacity by training existing personnel in basic data analysis
and intelligence interpretation through collaborations with universities and NGOs, following Canada’s RCMP model
of structured training rather than large-scale recruitment (IALEIA, 2024). Ethical and legal safeguards should be
embedded early to prevent bias and protect privacy, aligning with EU governance frameworks for algorithmic policing
(Kuldova et al., 2024). Finally, integrating ILP with evidence-based policing (EBP) through low-cost evaluations and
pilot projects will ensure interventions are empirically validated before scaling, as practiced by the UK’s What Works
Centre (Selby-Fell & Newton, 2024). These adaptations balance South Africa’s resource limitations with global best
practices, enabling SAPS to transition from reactive policing to proactive, intelligence-driven crime prevention while
maintaining public trust and accountability.

6. What empirical evidence exists on the impact of ILP on crime reduction in other jurisdictions?

Research across multiple jurisdictions demonstrates that Intelligence-Led Policing (ILP) significantly reduces crime
when implemented with robust data systems, predictive analytics, and community engagement (see Table 4):
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Table 4: ILP crime reduction comparative table

Country/City ILP Intervention Crime Reduction (%)
United Kingdom National Intelligence Model (NIM), hotspot policing 20
United States (NYPD) | Domain Awareness System (DAS), fusion centers 15
Australia Integration of ILP with Evidence-Based Policing 12
Singapore Smart Nation predictive analytics 18
Medellin (Colombia) | CPTED informed by ILP principles 70
India Crime and Criminal Tracking Network & Systems (CCTNS) | 10

From table 4 above, in the United Kingdom, the National Intelligence Model (NIM) and hotspot policing strategies
reduced burglary and vehicle crime by approximately 20% compared to control areas (James, 2013; IALEIA, 2024).
In the United States (NYPD), the Domain Awareness System (DAS), integrating real-time surveillance and predictive
analytics, achieved a 15% reduction in gun violence and improved clearance rates (NYPD, 2021; Carnegie Council,
2024). In Australia, the integration of ILP with Evidence-Based Policing (EBP) through the Global Policing Database
led to a 12% decline in property crime and improved targeting of repeat offenders (Lum & Koper, 2023). In Singapore,
the Smart Nation initiative, combining ILP with urban analytics and loT-enabled surveillance, resulted in an 18% drop
in theft and burglary rates in high-risk zones (Chua, 2024). In Medellin, Colombia, the PTED strategies informed by
ILP principles reduced homicide rates by 70% between 2003 and 2013 through targeted environmental design and
community engagement (Lee, 2025). And in India, the Crime and Criminal Tracking Network & Systems (CCTNS)
improved detection rates and reduced organized crime incidents by 10% in pilot metropolitan projects (Mehta & Singh,
2024).

7. How does ILP compare to reactive policing in terms of crime prevention outcomes?

Policing strategies globally have evolved from traditional reactive models—where law enforcement responds after
crimes occur—to proactive frameworks such as Intelligence-Led Policing (ILP), which emphasize foresight, data-
driven decision-making, and targeted interventions. The contrast between these approaches is stark in terms of crime
prevention outcomes, resource efficiency, and public trust.

Reactive policing is characterized by generalized patrols, incident-driven responses, and limited technological
integration. While it addresses immediate threats, its impact on long-term crime reduction is minimal. Studies reveal
that reactive models often result in misallocated resources and fail to disrupt underlying crime patterns (ISS, 2024).
For example, in South Africa, reliance on quarterly crime reports and aggregated data has led to reactive deployments
that do not correspond to actual crime hotspots (Maboa & Horne, 2024).

Conversely, ILP is proactive and intelligence-driven, leveraging real-time data, predictive analytics, and inter-agency
collaboration to anticipate and prevent crime. Empirical evidence demonstrates ILP’s superior outcomes across
multiple jurisdictions. In the United Kingdom, the National Intelligence Model (NIM) reduced burglary and vehicle
crime by approximately 20% through hotspot policing and strategic resource allocation (James, 2013; IALEIA, 2024).
The New York Police Department’s Domain Awareness System (DAS) achieved a 15% reduction in gun violence,
integrating surveillance and predictive analytics for timely interventions (NYPD, 2021). Similarly, Singapore’s Smart
Nation initiative combined ILP with urban analytics and IoT-enabled surveillance, resulting in an 18% decline in theft
and burglary rates in high-risk zones (Chua, 2024). Australia’s integration of ILP with Evidence-Based Policing (EBP)
produced a 12% reduction in property crime, validated through randomized controlled trials (Lum & Koper, 2023).
Medellin, Colombia, offers a compelling example of ILP principles applied through Crime Prevention Through
Environmental Design (CPTED), achieving a 70% decrease in homicide rates between 2003 and 2013 (Lee, 2025).
India’s Crime and Criminal Tracking Network & Systems (CCTNS) improved detection rates and reduced organized
crime incidents by 10% in metropolitan areas (Mehta & Singh, 2024).
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These outcomes underscore ILP’s effectiveness in reducing crime through targeted interventions, technological
modernization, and community engagement—elements largely absent in reactive policing. Furthermore, ILP enhances
cost efficiency by directing resources to high-risk areas, while reactive models often waste resources on generalized
patrols with negligible impact (see Table 5).

Table 5: Comparative Table: ILP vs reactive policing

Aspect Intelligence-Led Policing (ILP) Reactive Policing

Focus Proactive, data-driven, predictive Responding after crime occurs
Resource Targeted based on intelligence and hotspots Generalized patrols and random
Deployment checks

Technology Use High: predictive analytics, real-time dashboards Low: manual reporting, limited tech
Community Strong: participatory governance, transparency Weak: limited trust and
Engagement collaboration

Crime Reduction | UK: 20% burglary reduction; Singapore: 18% theft | Minimal impact; often reactive with

Outcomes reduction; Medellin: 70% homicide reduction no measurable reduction
Cost Efficiency Higher efficiency through targeted interventions Lower efficiency due to
misallocation
Ethical Safeguards | Governance frameworks in EU, RAND guidelines Often absent, reactive bias persists
Conclusion

ILP consistently outperforms reactive policing in crime prevention outcomes, resource efficiency, and public trust. By
leveraging intelligence, predictive analytics, and community engagement, ILP enables law enforcement agencies to
anticipate crime trends and implement targeted interventions. For SAPS, transitioning from reactive policing to ILP
is not merely a technical upgrade but a strategic imperative to reduce crime and restore confidence in policing.

8. What ILP-related initiatives or practices currently exist within SAPS?

Currently, the South African Police Service (SAPS) has initiated several measures aligned with Intelligence-Led
Policing (ILP), though their implementation remains partial and uneven. The most notable initiative is the
establishment of the Crime Information Management and Analysis Centre (CIMAC), designed to support data-driven
policing and enhance analytical capacity. CIMAC aims to centralize crime data for strategic and tactical decision-
making; however, its effectiveness is constrained by systemic weaknesses in data integrity, including incompleteness
and misclassification (Maboa & Horne, 2024). Additionally, the 2015 Memorandum of Understanding (MoU) between
SAPS and Statistics South Africa sought to standardize crime data reporting and integrate SAPS into the National
Statistics System. This collaboration introduced technical improvements in data governance and quality control, as
well as capacity-building initiatives for SAPS personnel (Phiyega & Lehohla, 2015; SAnews, 2025). Despite these
efforts, SAPS still lacks real-time crime reporting systems, granular data disaggregation, and predictive analytics
capabilities, leaving its strategies largely reactive rather than proactive (Diphoorn, 2024; South African Police Service,
2024). These gaps highlight the need for comprehensive reforms to align SAPS practices with global ILP standards,
which emphasize robust data governance, technological modernization, and evidence-based decision-making.

9. To what extent have these initiatives been effective in addressing crime?

The initiatives currently in place within SAPS—such as the Crime Information Management and Analysis Centre
(CIMAC) and the 2015 Memorandum of Understanding (MoU) with Statistics South Africa—have had limited
effectiveness in addressing crime. While these measures introduced technical improvements in data governance and
some capacity-building, their impact on crime reduction has been constrained by persistent systemic weaknesses.
SAPS still lacks real-time crime reporting systems, granular data disaggregation, and predictive analytics, which are
essential for proactive policing (Diphoorn, 2024; South African Police Service, 2024). Consequently, policing
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strategies remain largely reactive, relying on outdated quarterly reports that fail to inform timely interventions (ISS,
2024). The absence of integrated socio-economic indicators and interactive dashboards further limits the ability to
identify hotspots and allocate resources effectively. Although CIMAC was designed to centralize crime data for
strategic decision-making, its potential is undermined by incomplete and inaccurate datasets (Maboa & Horne, 2024).
Similarly, the MoU improved standardization but did not resolve critical issues of timeliness and transparency
(Phiyega & Lehohla, 2015; SAnews, 2025). Overall, these initiatives have not produced measurable reductions in
crime, highlighting the need for comprehensive reforms that align SAPS practices with global ILP standards
emphasizing robust data governance, technological modernization, and evidence-based policing.

10. How do SAPS’ ILP initiatives compare with global benchmarks?

The South African Police Service (SAPS) has introduced limited measures aligned with Intelligence-Led Policing
(ILP), yet these initiatives fall significantly short when compared to international best practices. The most notable
efforts include the Crime Information Management and Analysis Centre (CIMAC) and the 2015 Memorandum of
Understanding (MoU) with Statistics South Africa, which aimed to standardize crime data reporting and improve
governance frameworks (Phiyega & Lehohla, 2015; SAnews, 2025). While these steps have enhanced technical
aspects of data management and provided some capacity-building, their operational impact remains constrained by
systemic weaknesses such as incomplete datasets, lack of real-time reporting, and minimal integration of predictive
analytics (Diphoorn, 2024; Maboa & Horne, 2024). Consequently, SAPS continues to rely on quarterly crime reports,
limiting its ability to implement proactive strategies and hotspot policing effectively (ISS, 2024).

In contrast, global ILP leaders demonstrate comprehensive adoption of core principles. The United Kingdom’s
National Intelligence Model (NIM) institutionalized real-time dashboards and standardized governance, enabling a
20% reduction in burglary and vehicle crime through intelligence-driven resource allocation (James, 2013; IALEIA,
2024). Similarly, the New York Police Department’s Domain Awareness System (DAS) integrates surveillance, sensor
data, and predictive analytics, contributing to a 15% decline in gun violence (NYPD, 2021). Singapore’s Smart Nation
initiative exemplifies technological sophistication, combining IoT-enabled surveillance and predictive analytics to
achieve an 18% reduction in theft and burglary rates in high-risk zones (Chua, 2024). Australia’s integration of ILP
with Evidence-Based Policing (EBP) has produced measurable reductions in property crime, validated through
randomized controlled trials (Lum & Koper, 2023). Medellin, Colombia, offers a striking example of ILP principles
applied through Crime Prevention Through Environmental Design (CPTED), resulting in a 70% decrease in homicide
rates between 2003 and 2013 (Lee, 2025). India’s Crime and Criminal Tracking Network & Systems (CCTNS)
digitized police records nationwide, improving detection rates and reducing organized crime incidents by 10% in
metropolitan areas (Mehta & Singh, 2024).

The comparative analysis reveals that SAPS lacks critical ILP components such as real-time reporting systems,
predictive analytics, granular data disaggregation, and participatory governance mechanisms. These deficiencies
explain why SAPS’s ILP-related initiatives have not translated into measurable crime reduction outcomes, unlike
global benchmarks where ILP has demonstrably improved policing efficiency and public safety. Addressing these gaps
requires comprehensive reforms, including technological modernization, robust data governance, and integration of
socio-economic indicators into crime analysis frameworks (See Table 6).

Table 6: SAPS vs global ILP benchmarks

Feature SAPS Current Status Global Benchmark (Examples)
Real-Time Reporting | Absent — relies on quarterly/annual | UK: Real-time dashboards; India: CCTNS
reports

Data Integrity & | Partial —- MoU with Stats SA improved | UK: National Intelligence Model; EU: Europol

Governance standardization but gaps persist governance frameworks

Predictive Analytics | Absent — no predictive tools in use US: NYPD Domain Awareness System;
Singapore: Smart Nation predictive analytics

Granular Data | Weak — aggregated categories, limited | Japan: CPTED informed by granular data;

Disaggregation disaggregation Australia: EBP with disaggregated datasets

Community Limited — community forums exist but | Singapore: participatory governance; UK: open

Engagement not integrated into ILP crime dashboards

Crime Reduction | No measurable reduction linked to ILP | UK: 20% burglary reduction; Singapore: 18%

Outcomes initiatives theft reduction; Medellin: 70% homicide
reduction




260 Nzeakor and Thenga / OIDA International Journal of Sustainable Development, 19:09,2026

Conclusion

SAPS’s ILP initiatives have improved technical governance but remain insufficient for proactive crime prevention.
Global benchmarks illustrate that ILP success depends on real-time intelligence systems, predictive analytics, granular
data, and community engagement, all of which are largely absent in South Africa. Bridging this gap is essential for
SAPS to transition from reactive policing to a proactive, intelligence-driven model capable of reducing crime and
restoring public trust.

11. What organizational, technological, and policy changes are required for successful ILP implementation?

The successful implementation of Intelligence-Led Policing (ILP) in South Africa requires a multi-dimensional
transformation encompassing organizational restructuring, technological modernization, and policy reforms.
Organizationally, SAPS must establish dedicated analytical units tasked with intelligence gathering and data
interpretation, similar to the UK’s National Intelligence Model and Canada’s RCMP frameworks, which
institutionalize intelligence functions within policing structures (James, 2013; IALEIA, 2024). Capacity building is
equally critical; officers should receive continuous training in data analytics, intelligence interpretation, and evidence-
based policing to ensure operational readiness (Lum & Koper, 2023). Furthermore, inter-agency collaboration must
be strengthened through fusion centers and partnerships with Statistics South Africa, academic institutions, and civil
society, enabling integrated intelligence sharing and participatory governance (Carnegie Council, 2024).

Technologically, SAPS needs to implement real-time crime reporting systems to replace reliance on quarterly
statistics, which hinder proactive interventions. Centralized digital platforms modeled on India’s Crime and Criminal
Tracking Network & Systems (CCTNS) and the NYPD’s Domain Awareness System can facilitate immediate data
capture and dissemination (Mehta & Singh, 2024; NYPD, 2021). Predictive analytics and interactive dashboards
should be deployed to support hotspot policing and resource optimization, as demonstrated by Singapore’s Smart
Nation initiative (Chua, 2024). Additionally, integrating SAPS crime data with socio-economic indicators will enable
holistic crime analysis and targeted interventions, aligning with global best practices in data-driven governance
(RAND, 2024).

Policy reforms are indispensable for sustaining ILP. A comprehensive data governance framework must be established
to enforce national standards for accuracy, completeness, timeliness, and transparency, supported by independent
audits to prevent political interference (Hollywood et al., 2024). Mandatory disaggregation of crime data by gender,
age, location, and socio-economic status is essential to address policy blind spots and improve interventions for
vulnerable populations (Maboa & Horne, 2024). Ethical and legal safeguards should be introduced to regulate
algorithmic policing, mitigate bias, and protect privacy, following guidelines developed in the European Union and
RAND’s governance models (Kuldova et al., 2024). Finally, legislative reforms mandating the timely publication of
crime statistics and clearance rates will enhance accountability and public trust (Phiyega & Lehohla, 2015).

Collectively, these organizational, technological, and policy changes reflect lessons from jurisdictions where ILP has
achieved measurable crime reductions, such as the UK, US, Singapore, and Australia. For SAPS, adopting these
reforms is not merely a technical upgrade but a strategic imperative to transition from reactive policing to proactive,
intelligence-driven crime prevention.

Summary of the findings

The study explored the feasibility and strategic value of Intelligence-Led Policing (ILP) as an alternative to the
predominantly reactive policing model employed by the South African Police Service (SAPS). The findings are
summarized as follows:

1. Limitations of reactive policing

SAPS continues to rely on incident-driven responses and generalized patrols, resulting in low conviction rates,
significant case backlogs, and diminished public trust. This reactive approach places strain on resources, contributes
to officer burnout, and fails to address root causes of crime. Despite democratic reforms, systemic challenges such as
corruption, resource constraints, and ineffective oversight persist.

2. Global evidence on ILP effectiveness

International experience demonstrates that ILP significantly improves crime prevention outcomes when implemented
with robust data systems and predictive analytics. Jurisdictions such as the United Kingdom, United States, Singapore,
and Australia report measurable reductions in crime—ranging from 12% to 20% for property crimes and up to 70%
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for homicide in Medellin, Colombia—through intelligence-driven strategies, technological modernization, and
community engagement.

3. SAPS ILP initiatives and gaps

Existing SAPS initiatives, including the Crime Information Management and Analysis Centre (CIMAC) and the
Memorandum of Understanding with Statistics South Africa, have introduced technical improvements in data
governance. However, these efforts remain partial and ineffective due to persistent weaknesses in data integrity,
absence of real-time reporting, lack of predictive analytics, and minimal community engagement. No measurable
crime reduction has been linked to these initiatives.

4. Lessons from global best practices

Successful ILP models share common features: robust data governance, real-time reporting systems, predictive
analytics, inter-agency collaboration, skilled analytical personnel, ethical safeguards, and community trust. South
Africa can adapt these principles by prioritizing data integrity, technological modernization, and evidence-based
policing, while embedding ethical and legal frameworks to prevent bias and protect privacy.

5. Adaptation to South Africa’s context

Given resource constraints, SAPS should adopt incremental, cost-effective strategies leveraging existing
infrastructure. Key adaptations include:

o Expanding CIMAC functionality for real-time intelligence sharing.

e Deploying low-cost digital platforms for crime reporting and hotspot analysis.

e Focusing ILP interventions on high-impact crime categories such as burglary and gender-based violence.

e Strengthening community partnerships and analytical capacity through training and collaboration with academic
Institutions.

6. Required organizational, technological, and policy changes
Successful ILP implementation requires:

e Organizational: Establish dedicated intelligence units and institutionalize continuous training.

e Technological: Implement real-time reporting systems, predictive analytics, and interactive dashboards.

e Policy: Enforce national data governance standards, mandate granular data disaggregation, and introduce ethical
safeguards for algorithmic policing.

Conclusion and recommendations
Conclusion

The findings reveal that the South African Police Service (SAPS) remains entrenched in a reactive policing paradigm,
which has proven ineffective in addressing escalating crime rates and systemic inefficiencies. This model has resulted
in low conviction rates, significant case backlogs, and declining public trust. In contrast, global evidence demonstrates
that Intelligence-Led Policing (ILP) offers a proactive, data-driven approach that enhances crime prevention through
targeted interventions, predictive analytics, and inter-agency collaboration.

Although SAPS has initiated measures such as the Crime Information Management and Analysis Centre (CIMAC)
and partnerships with Statistics South Africa, these efforts have not yielded measurable reductions in crime due to
persistent weaknesses in data integrity, absence of real-time reporting, and limited analytical capacity. The
comparative analysis underscores that successful ILP implementation depends on robust data governance,
technological modernization, ethical safeguards, and community engagement—elements largely absent in the current
SAPS framework.

Transitioning to ILP is therefore a strategic imperative for SAPS. This transformation requires phased, context-
sensitive reforms that balance resource constraints with global best practices.

Recommendations

To operationalize ILP within SAPS and achieve sustainable crime reduction, the following recommendations are
proposed:
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1. Strengthen data governance

e Establish a national framework for data accuracy, completeness, timeliness, and transparency.
e Mandate granular disaggregation of crime data by gender, age, location, and socio-economic status.

2. Implement real-Time reporting and predictive analytics

e Deploy centralized digital platforms for real-time crime reporting and intelligence sharing.
e Integrate predictive analytics and interactive dashboards to support hotspot policing and resource
optimization.

3. Build analytical capacity

e Create dedicated intelligence units and institutionalize continuous training in data analysis and intelligence
interpretation.

e Partner with academic institutions and NGOs to enhance analytical skills and evidence-based decision-
making.

4. Foster inter-agency collaboration

e Establish fusion centers for intelligence sharing among SAPS, Statistics South Africa, and other relevant
agencies.
e  Promote partnerships with civil society and the private sector to strengthen community engagement and trust.

5. Embed ethical and legal safeguards

e Introduce governance frameworks to regulate algorithmic policing, mitigate bias, and protect privacy.
e Ensure transparency and accountability through independent audits and participatory oversight mechanisms.

6. Integrate ILP with evidence-based policing

o Institutionalize systematic evaluation of ILP interventions through pilot projects and randomized controlled
trials.
e  Align ILP strategies with empirical research to ensure interventions are scientifically validated.

7. Adopt incremental, cost-effective implementation

e Leverage existing infrastructure such as CIMAC for phased ILP rollout.
e  Prioritize high-impact crime categories (e.g., burglary, gender-based violence) for targeted interventions.
e  Utilize low-cost digital tools and community partnerships to supplement intelligence gathering.
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